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Unstructured Text  Multimedia Data Graph Data Batch-wise kNN Search for large query sets
— Reduce interface and retrieval times
High Dimensional Data
— Previous Work mainly focus on low dimensional data
* Similarity Queries * Integration of Fast Vector (e.g. geographical data)
* Inductive Reasoning Search Operations * Adaptive kNN-Join Algorithm

(Analogies) — Different cardinalities of join operands
— Only one index for all vectors

Different Demands on Precision and Response Time
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Product Quantization
Fast Approximated
Search Method

Parameter:

Population Size N: Number of all index vectors

Number of success states in population K: Number of targets
Number of draws d : Number of vectors in selected partitions
Number of Successes m :Number of targets in selected partitions
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Web Demo

Word Embedding
operations that use the
kNN-Join Index T
can be explored [=]

In our web demo _

Setup

2,000 query vectors M Baseline M a=200 M a=800 °PQ --PQ+PV
50,000 target vectors B o=400 B o=1000 o Exact
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